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A New Style Image Hash Algorithm

Chen Qinghua
(College of Information Engineering, Shandong Union Cadre Management College, Jinan 250100, China)

Abstract: To improve the robust of the image hash method, a new style image hash algorithm based on BP neural
network was proposed. Firstly, the image pixel matrix and a constructed function was used to train the back propagation BP
neural network, and then the low-frequency components obtained by the discrete wavelet transform was used to composes
the matrix, the image hash sequence was generated by the well-trained back propagation BP neural network in the end. The
experimental results indicate that the proposed hash method is robust against content-preserving modifications (such as

JPEG compression, image filtering) and has good application value.
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