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Key Information Extraction from Operational Document
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Abstract: To improve the recall rate and precision rate of key information extraction from operational document, an
approach is presented. First, it analyzes the character of operational document and builds domain ontology to ascertain what
should be extracted. Then, it tags the document using domain lexicon. At last, it extracts key information employing
extraction pattern. The experiment results show that the approach can accelerate the development of C*I and can be applied
in practice.
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